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3aknioyeHve

aKuM 00pasoM, PUMEHEHHEe MeTO-

OB MallIMHHOT'O o6yqu1/1${ B IIpON3-

BOJICTBE OTKPbIBAET HOBbIE BO3MOJK-
HOCTU JIJIsI TIOBBIMIEHMST KAYeCTBA TIPOIYK-
MU, CHWJKEHUS 3aTPaT U ONTUMU3AIUU
IIPOIIECCOB U Y3KE CETOIHSI TAKHUE CUCTEMbI
JIEMOHCTPUPYIOT BBICOKYIO 3(hhEKTHB-
HOCTD B p€aJIbHbIX YCJIOBUIX. IQHIO‘IGBBIMI/I

(bakTOpaMu ycrexa SBJASAIOTCS KauyecTBO
JIAHHBIX, BBIOOP NMPABUJILHON MOJENH, €e
MHTEPIPETUPYeMOCTh 1 3 dEKTUBHAs
uHTerpaiys B GU3HeC-1poIecChl.
ITpomo/KeHne MCCTeA0BAHUN B JIaH-
HOW obiacTyt Gyer crnocob6CTBOBATh CO-
3HAHUI0 MHTENIEKTYAJbHbIX [TPOU3BO/-
CTBEHHBIX CHUCTEM, COOTBETCTBYIOLIMX
tpeboBanusim Mumycrpuu 4.0. L]
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in real-time and predict the likelihood of defects.
The paper provides an overview of existing machine learning approaches and algorithms
used in industrial analytics, including both classical methods and modern deep learning
models. In addition, the article addresses key issues related to the insufficient quality of
source data, limited interpretability of complex models, and difficulties that arise when
integrating Al solutions into existing production chains. It is concluded that further
research in this area is highly promising and relevant.

Traditional quality control methods based on random testing are often insufficient to
detect defects in a timely manner. As a result, there has been an increased interest in
using machine learning techniques that can analyze large amounts of production data



