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Traditional quality control methods often turn out to be inadequate for the

) ) unique conditions and requirements imposed on production processes in additive
control, quality assurance, machine . . .. . . .
learning, adaptive models. additive  \nstrumentation. In this situation, machine learning appears to be a powerful tool that
technologies can transform the industry. The main technological challenges of additive production
are the collection and processing of large amounts of data, as well as the development
of algorithms capable of operating under conditions of high uncertainty. Machine
learning methods enable continuous data collection in real time. With their help, you
can constantly analyze the process and immediately adjust its parameters. In particular,
predictive analysis algorithms can evaluate potential defects based on current printing
conditions and historical data, allowing operators to make adjustments to the process
before errors occur.
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[MepBbIv COUYNHCKNIW MIIAXK NpoLUen cepTudmkauuio

PacnonoxeHHblit B camom LeHTpe ropoaa Couun nnsax «Mask» npowen W
cepTuthukaumio no ctanpapram Pockayectsa u nonyuun nepeyro = .

Kateropuio «CuHuii chnar»

Couun npofofmkaeT ocTaBaTbCs OAHNUM U3 CamblX
BOCTPeOOBaHHbIX KypOpTOB CTpaHbl. B npolunom rogy
TYPUCTUHECKUIA MOTOK COCTaBWI 7,6 MIH YeroBek,

1, N0 NPorHo3am cneunanncTos, kK 2030 r. KoNM4ecTBO
TYpUCTOB NpPeBbICUT 10 MITH.

OKcnepThl CUCTEMbI KOHTPONSA Ka4ecTBa OLEHNN

3TO MECTO OTAbIXa MO BCEM CYLLECTBYIOLLIMM KPUTEPUIAM.
CepTtudbrkaums nnsxa nposoamnach B CTPOrom
COOTBETCTBUN C akTyasnbHbIMU TpeboBaHuamun. Cpeau

HUX — Hann4ne cneumanbHOM MHAPPACTPYKTYPbI,
obecnevmBatoLLiert 6€30MacHOCTb oTabIXaoLmx. Kommuecus
nposepvna MeaNUMHCKME MYHKTbI, crnacaTefbHble CTaHumn
1 KBanndmkaumio nepcoHana. B o6a3arensHbii Habop

YCIOBUI BXOOMT BOLONAa3HOe o6cnefosaHmne 1 YicTka [nsk gocTyneH angd nioaer ¢ orpaHnYeHHoN NOABMYKHOCTbIO,
TeppuTopun. a Takxe 060pyaoBaH KOMHAaTOM MaTepu 1 pebeHka
Bbino otMeyeHo, 4To NnsK «Masik» XopoLLO 0BYCTPOEH. 1 UTPOBbIMK MioLLaaKkamu.

3pech eCTb MecTa Ans XpaHeHus BeLLen, MUTbeBble
ooHTaHbI, AyLIeBble U KabUHKI ANa NepeocaeBaHus. Mo matepumanam www.gost.ru



